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Remaining Useful Life
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Remaining Useful Life Results
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MULTI - C LA S S  C LA S S IF IC A T IO N  M O D E L



Fault Classification Dataset
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Fault Classification 
U s i n g  t h e  T r a n s fo r m e r  

A r c h i t e c t u r e
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Fault Classification Results

Model Type # Classes Accuracy Training Time

Random 
Forest

2 92% 7 minutes

Gradient 
Boost

2 91% 20 minutes

SVC 2 98% 5 minutes

SVC 4 92% 2 hours

Model Type # Classes Accuracy Training Time

Transformer Arch. 4 95% 30 minutes

Transformer Arch. 46 97% 5 hours

(46)
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Next Steps
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